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Redefining Value: Wikipedia’s Role in Dataset Governance for Foundation
Models

YAXUAN YIN, The Information School, University of Wisconsin-Madison, USA

Wikipedia has long been central to CSCW research on online collaboration, but it now plays a dual role: as both a collaborative
knowledge platform and a critical dataset powering large language models (LLMs). This shift raises open questions about how
contributions are valued, recognized, and governed when they influence downstream Al behavior. This position paper explores
influence-based data valuation as one potential lens and invites discussion on how CSCW insights into collaboration and governance

can inform responsible dataset composition, curation, and release.
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1 Introduction

Within CSCW research, Wikipedia has long served as a central site for studying online collaboration. Prior studies have
examined how volunteers coordinate [4], manage misinformation and vandalism [6], and navigate disparities across
topics, languages, and regions [5]. These studies have shaped our understanding of what makes a contribution valuable
within Wikipedia’s community — contributions that improve accuracy, fill knowledge gaps, and strengthen collaborative
dynamics. However, the rise of large language models (LLMs) introduces a new layer of complexity. Wikipedia now
plays a dual role: it is both a collaborative knowledge platform and a critical dataset powering foundation models [9].
For example, Wikipedia pages are among the five primary datasets used to train GPT-3 [1], the FLORES-101 benchmark
relies on Wikipedia for multilingual evaluation [3], and retrieval-augmented generation (RAG) pipelines treat Wikipedia
as a key source of factual knowledge [7].

This shift introduces a new dimension of value: contributions to Wikipedia now matter not only for supporting
human collaboration but also for shaping how Al systems behave and what knowledge they reproduce. Specifically,
they influence who gets credited (attribution), whose perspectives are amplified or marginalized (representation), and
who controls how data is used and governed (governance). Yet contributors currently lack transparency, recognition,
and control over how their work is used in training datasets. At the same time, tensions between data providers and Al

developers are intensifying, as reflected in emerging legal disputes over attribution, consent, and compensation [8].
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2 Yaxuan Yin

These dynamics open new opportunities for CSCW researchers to revisit longstanding questions of value, governance,
and collaboration in a context where human and machine knowledge production are deeply intertwined. Understanding
these evolving relationships is critical for shaping equitable, transparent, and sustainable data ecosystems in the era of
LLMs.

2 Opportunity: Using Data Valuation as a Lens

One potential lens for exploring these issues comes from recent advances in data valuation methods. For example, Choe
et al. [2] introduce techniques for estimating the influence of individual training examples on a model’s performance.
They provide a useful technical framework for reflecting on how “value” is defined when Wikipedia contributions
shape downstream AI behaviors. At a high level, the approach takes three main inputs: (1) a trained language model, (2)
a snapshot of the training dataset (e.g., Wikipedia), and (3) an evaluation benchmark, such as factual QA, multilingual
reasoning, or fairness tasks like WinoBias [10]. Using these inputs, the method produces influence scores that estimate
how much each data point contributes to the model’s performance on the chosen benchmark. These scores can be
aggregated at multiple levels — individual tokens, pages, or contributors — to understand which parts of Wikipedia
most affect model outputs.

Applying this framework conceptually to Wikipedia allows us to connect influence scores to broader Responsible Al
dimensions. For example, examining which pages or contributors most affect model outputs can reveal potential fairness
and representation gaps, such as the dominance of English-language content in shaping LLM behavior [? ]. Influence
scores can also enhance transparency by linking model responses back to specific pages or contributors, enabling
better attribution and accountability. These insights provide a foundation for rethinking dataset composition, curation
practices, and how community norms might be incorporated into foundation model development. However, data
valuation is not the endpoint, it is a starting point for new CSCW discussions. Influence scores highlight what matters
but not why, and they cannot explain the social, cultural, or governance dynamics behind Wikipedia contributions — for
instance, it is taken as granted that Wikipedia is a reliable corpus for training, but such influence scores cannot account
for the peer production processes that results in Wikipedia being a high-quality information resource. This opens
important questions for CSCW researchers: How should we redefine “value” when Wikipedia edits shape downstream
Al behaviors? How can, and should, data valuation insights be integrated with community-driven governance processes?

And how might these techniques support more equitable and participatory approaches to dataset curation?

3 Towards Participatory Dataset Governance

Wikipedia offers more than training data, it represents a living example of participatory governance at scale. Over
two decades, editors have collaboratively developed policies, resolved disputes, and balanced openness with cultural
sensitivities across regions and languages. These practices offer valuable insights into how datasets for foundation
models could be curated and managed. We envision combining technical insights from data valuation with community-
driven governance principles to establish participatory approaches to responsible dataset curation. Influence scores can
help identify which contributions most strongly shape model behavior, while Wikipedia’s governance norms can inform
how these contributions are reviewed, recognized, and included. By integrating these perspectives, CSCW researchers
can help bridge the gap between technical valuation methods and social governance frameworks, ensuring that dataset

composition, curation, and release reflect both responsible Al principles and community values.
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